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Abstract: In this paper, we model the resale value of private used cars in Fiji. 
We consider Toyota and Nissan cars which are the two relatively prominent 
brands in Fiji. Drawing on a sample of 175 Toyota used cars and 108  
Nissan used cars over the period January 2012 to December 2012 from 
Car4Sale.com.fj website, and using ordinary least squares method, we explore 
the elasticity coefficients of key determinants of the resale values of private 
used cars. Our results show that for Toyota cars, the resale value is positively 
affected by model year and transmission type (manual or automatic) and 
negatively affected by mileage. For Nissan cars, the resale value is positively 
influenced by the engine capacity and model year and negatively affected by 
the mileage. Subsequently, both brands of used cars resale value behave similar 
with respect to the model year and mileage, and somewhat differs with engine 
capacity and transmission types. 
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1 Introduction 

The number of cars registered in Fiji has increased over the years, so much so that it has 
surpassed the growth of per capita real income and the population growth. With the 
recent growth in car market, there has been an emerging growth in the market for private 
used car sales. In this paper, we empirically explore the determinants of used car sales 
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value using the ordinary least squares method for two prominent brands in Fiji – Toyota 
and Nissan. Although other brands of cars are available, Toyota and Nissan have created 
a culture of preference relative to others. 

In spite of the growth in the number of registered used cars over the years, the  
factors that determine their resale values remain anyone’s guess. Most of the car  
prices are determined based on individual perception of their car quality, brand, prices  
of similar cars, or simply in an ad-hoc manner. No doubt, there is a dearth of research  
on used vehicle in Fiji and consumers or potential buyers are often advised via  
the local newspapers about the deceptive sales practices in the used car sales  
market. Moreover, from general observation, the dealer sold used cars are often  
highly priced given that the cars sold are backed by warranty (maximum six-months  
or based on certain kilometres of usage) on purchase. However, the private used  
car sales have no such laws or incentives governing the prices or any enforcement of 
warranty. 

Further, it is relatively difficult and costly to collect data on private used car  
sales in Fiji. However, with advancement in technology and the recent establishment of 
websites such as Car4Sale.com.fj and BuyInFiji.com.fj, data collection has been  
made somewhat feasible. In this study, we use Car4Sale.com.fj website to collect data on 
two most prominent brands of used cars in Fiji – Toyota and Nissan (although the 
markets for other brands are growing, albeit slowly). The choice of using this website to 
extract data is because it is relatively more specialised with respect to serving 
predominantly private used car sellers. On this website, a potential seller is required to 
enter the basic information when allocating a resale price. A seller is required, at 
minimum to indicate the car model year, engine size, current mileage (as per the 
odometer) besides the sale price of the car. Further options to provide other details such 
as comments about the car, the option to negotiate, phone contact and car registration 
details are also available. 

Toyota and Nissan brands have acquired a certain level of legacy because of  
the accessibility, affordability and availability of spare parts and after sales  
mechanical services for these brands. The recently established online advertisement 
websites, such as Car4Sale.com.fj and BuyInFiji.com.fj have further facilitated and  
eased the sale of private used cars. To date, we did not find any existing literature  
that looks at the used car sales market in Fiji, needless to expect any online market-based 
private used car sales research. Therefore, this research modestly attempts to fill  
the gap. 

A sample of 175 Toyota cars and 108 Nissan cars were collected. However,  
not all sellers provide all the information. For this study, we carefully recorded 
information on used cars for which the basic information necessary for the study  
were available. We discarded those car profiles that had critical data missing or  
had incorrect data (for example, if cars have extremely high or low mileage that  
did not correspond to the car type and model year). It is important to highlight  
that Car4Sale.com.fj website only facilitates the advertisement of cars and thus acts  
as a connecting point between potential sellers and buyers. A potential buyer is also 
required to register should she decides to contact the seller via the website messaging 
system. 

The rest of the paper is outlined as follows. In Section 2, we briefly discuss the trends 
in private used car sales in Fiji. In Section 3, we discuss the method and data and in 
Section 4, the regression results are discussed. Conclusion is provided in Section 5. 



   

 

   

   
 

   

   

 

   

    Modelling the supply of private used cars 421    
 

    
 
 

   

   
 

   

   

 

   

       
 

2 Trends in private used car sales in Fiji 

Fiji is a relatively small developing economy with an average population of 844 thousand 
people and per capita income of FJ $6,100 (US $3,416) (2006–2010) (Table 1).1 The 
number of cars registered since 1960s has increased tremendously. Notably, the growth 
rate of cars registered has surpassed the growth rates of per capita income and the 
population. The growth in the number of cars has also added to the pool of growing 
number of used and older model cars in Fiji. Interestingly, in spite of the souring fuel 
prices and the recent global financial crisis of 2008, we noted an increase in the number 
of cars registered (Table 1). 
Table 1 Registered cars, per capita income and population averages (1965–2010) 

Year No. of cars 
registered 

Increase in 
registered 
cars (%) 

Real GDP 
per capita 

(FJD) 

Real per 
capita 

growth (%) 

Population 
(‘000) 

Population 
growth (%) 

1965–1970 7,304 8.5 3,227 3.1 492.9 2.4 
1971–1980 15,939 7.6 4,506 3.0 582.3 2.0 
1981–1990 27,893 5.3 4,601 0.2 703.3 1.4 
1991–2000 44,193 4.4 5,228 1.3 777.3 1.1 
2001–2005 64,260 6.6 5,935 2.2 818.0 0.3 
2006–2010 82,852 3.3 6,100 –0.8 844.0 0.9 

Notes: NB: FJD = Fijian dollars. 1 FJD = 0.56 USD. 
Source: World Bank (2012) and FIBOS (2012) 

Table 2 Number of private used cars, mileage and resale value 

Year No. of cars Average mileage (km) Resale value (in FJD) 

Toyota used cars 

1981–1989 9 216,530 4,500 
1990–1994 66 155,238 10,368 
1995–1999 55 139,045 12,158 
2000–2004 28 119,727 18,514 
2005–2009 17 67,076 29,439 

Nissan used cars 

1984–1989 7 231,016 4,414 
1990–1994 23 174,850 6,235 
1995–1999 34 153,265 11,507 
2000–2004 27 131,879 17,752 
2005–2009 16 65,344 28,140 
2010 1 150,000 35,000 

Source: http://www.Car4Sale.com.fj 

From the data complied on used car sales (Table 2), it is clear that the most used  
Toyota cars for sale are: within the range 1990–1994 model; has an average mileage of 
155,238 kilometres; and are sold at an average price of FJ $10,368. Nevertheless, in our 
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sample, private car sales with model years within the range of 1995–1999 shows an 
increasing trend. In case of Nissan used cars: most of the cars on sale are in the model 
year range of 1995–1999; have an average mileage of 153,265 kilometres; and are sold at 
an average price of FJ $11,507. This is followed by the model within the range of  
2000–2004 and 1990–1994. In case of Toyota cars, the models within the range of  
1990–1999 dominate the private used car sales market while for Nissan cars, the model 
years range is from 1990–2004 that dominate the private used car sales market. 

More specifically, the largest number of Toyota used cars on sale in 2012 was the 
1994 model. In terms of engine capacity and mileage (in kilometres), most of these cars 
were 1,500 cc and 200,000 kilometres, respectively. The most common resale values set 
be the sellers was FJ $10,500 (Table 3). In case of Nissan cars, the most common model 
year for sale was 1999 model. In terms of mileage, it was 200,000 kilometres, and the 
most quoted resale price was FJ $6,500. Nevertheless, on average, resale value of private 
used Toyota cars was about FJ 13,726 and Nissan cars was about FJ $14,167. 
Table 3 Descriptive statistics on private used cars 

Statistic Model year Engine capacity (in cc) Mileage (km) Resale value (FJD) 

Toyota used cars 
Minimum 1981 500 11,000 1,500 
Maximum 2009 5,000 332,654 39,990 
Mean 1997 1,644 139,055 13,726 
Median 1995 1,500 134,223 12,000 
Mode 1994 1500 200,000 10,500 

Nissan used cars 
Minimum 1984 987 10,000 1,500 
Maximum 2010 3,500 370,500 60,000 
Mean 1998 1,722 144,499 14,167 
Median 1999 1,500 146,000 12,000 
Mode 1999 1,500 200,000 6,500 

Source: http://www.Car4Sale.com.fj 

3 A brief literature review 

Previous work on adverse selection in used vehicles goes back to Bond (1982, 1984) who 
compared the frequency of maintenance of trucks purchased new versus used ones. He 
tested the differences in unobserved quality between traded and continuously held trucks 
that have the same observed quality. According to Bond, such differences would be 
attributable to adverse selection. Bond estimates the effect of truck age, mileage and 
whether the truck was traded in the previous year on the repair expenditure. 

Akerlof (1970), Wilson (1980) and Kim (1985) are some of the founding papers in 
the theoretical literature on adverse selection. The role of economics in pricing is that it 
attempts to highlight the economic principles whilst capturing relevant variables to which 
a successful pricing strategy need to conform (Nagle, 1984). Within the context of resale 
markets, the ‘lemon’ model is widely discussed. According to the lemons model, owners 
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of used cars have an informational advantage over potential buyers with respect to the 
quality of their vehicles. Subsequently, owners of bad cars (lemons) will try to sell them 
to unsuspecting and ignorant buyers while owners of good cars will hold on to theirs. 
Consequently, the quality of traded automobiles should be sub average (Emons and 
Sheldon, 2002). 

Nagle (1984) argues that those first owners who have lemons (and hence large repair 
bills) have an incentive to sell their cars sooner than those who are lucky enough to share 
that information honestly with buyers. Nagle points out that the used car market has 
proportionately more lemons than the new car market though buyers still cannot 
distinguish them from more reliable cars. Recognising this asymmetry of information 
buyers tend to demand a substantial discount on a used car before they are willing to risk 
getting a lemon. Moreover, in the used car market, it is the non-lemon car owners that are 
likely to be exploited. The pricing problem here is that sellers, who know that their cars 
are not lemons and so worth more, are unable to price them accordingly. 

Lacko (1986) considered the difference in owner-reported quality of cars purchased 
from friends or relatives and cars purchased through newspaper advertisements and found 
evidence of adverse selection among older vehicles only. In another study, Genesove 
(1993) examines whether car dealers sell their lowest unobserved quality cars at auction 
first by testing for differences in prices obtained by new car dealers compared to used car 
dealers. Since the new car dealers sell a higher proportion of their vehicles at auction than 
the used car dealers, the former should receive a higher price if both dealer types sell 
their lowest unobserved quality cars first. 

Ealey and Troyano-Bermúdez (1996) highlighted that given the tremendous 
innovation in motor industry, the demand across Europe, the USA, and Japan is reaching 
a maturity stage. Subsequently, while growth and demand in car motor industry is 
hampered by high new car prices and stagnating wages, there is a surge in the supply of 
inexpensive and good-quality used cars. Porter and Peter (1999) and Hendel and Lizzeri 
(1999) is one of the studies that make explicit dynamic consideration of factors 
influencing new and used car market. 

Ba and Pavlou (2002) argue that the role of trust is extremely vital when selling high 
value products online. The idea is that trust will mitigate information asymmetry by 
reducing transaction-specific risks, therefore generating price premiums for reputable 
sellers. Further, buyers in online marketplaces have to rely on electronic information 
without having the ability to physically inspect the product. Consequently, they are 
vulnerable to additional risk because of potentially incomplete or distorted information 
provided by sellers. Subsequently, information asymmetry gives rise to opportunistic 
behaviour such as misrepresentation of product quality, which could lead to mistrust or 
even market failure (Akerlof, 1970). The consequences of opportunism include erosion of 
the foundations of electronic markets and endangering the growth of electronic economy. 
However, to reduce the number of fraudulent transactions and practices, many online 
services require sellers authentication, provide feedback mechanism and allows the users 
to report any issues they face while using the website. 

Emons and Sheldon (2002) tests the hypothesises of informational asymmetry and the 
prediction of sub-average traded car quality using a sample of all 1985 cars registered in 
the Swiss canton of Basle-City over the period 1985–1991. Their results support both the 
assumption and the prediction of the lemons model. They find that cars sold privately are 
more likely to have a defect than a randomly chosen vehicle, implying that owners of 
poor quality cars knowingly put them up for sale. Their estimates relating to the quality 
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uncertainty afflicting buyers showed that individuals were not fully aware of what they 
were purchasing given the high probability of buyers reselling their vehicles. This was 
true for both new and used cars. 

Moreover, car ownership is influenced by geographical location. For instances, 
Dargay (2002) examines the factors determining car ownership for households living in 
rural and urban areas using a dynamic car ownership model based on data from Family 
Expenditure Surveys in the UK for 1982 to 1985 periods. Considering the elasticity 
coefficients, Dargay shows that rural household’s car ownership is less sensitive to 
motoring costs than in urban areas; and that car ownership is influenced by costs, 
purchase prices of cars, costs of car use, and cost of using alternative modes of transport. 
Ganguli et al. (2003) argue that consumers have changed their perception about the 
quality of cars. Safety and other generic features of a car are taken for granted and hence 
quality is focussed more on attributes such as whether the car is fun to drive, well 
designed and stylish. 

Gilligan (2004), using data on used airplane sales, tests the prediction in Hendel and 
Lizzeri (1999) that the trade volumes and the rates of price depreciation are directly 
related under complete information, but are inversely related under adverse selection. 
Gilligan finds a direct relationship between the trade volumes and the rates of price 
depreciation for airplanes with few airworthiness directives, but an inverse relationship 
for airplanes with many airworthiness directives. Cho (2005) used micro-data from rental 
car companies to determine the factors influencing used rental car sales. Cho finds that 
the age of a used car has two composite effects on its resale value and that two mileage 
variables interact with each other and produce an overall decreasing effect on the resale 
prices with opposite interactions. It was also shown that resale value of rental cars were 
influenced by brands, vehicle category, and the month of the year in which the vehicle is 
put up for sale. 

Schneider (2005) formally tested whether the rate of price depreciation increases 
upon warranty expiration. His estimate of joint effect is based on dealer used car trade to 
customers and also customers’ trade-ins back to dealers. Schneider estimates the price 
depreciation, age and mileage of used cars and shows that neither adverse selection nor 
efficient sorting is important in this segment of the used car market. Andrews and 
Benzing (2007) analysed how auction, seller, and product factors influence the price in an 
eBay used car auction market. They find that in auctions with at least one bid, factors like 
reputation of the seller, title, status, and time auction ends, influences the price premium 
on the highest bid. 

Offer (2007) explored the US and British used cars and found that the large price 
difference between the retail value of a car and its potential selling value to the buyer was 
neither unique to new cars nor exceptionally large. It was in fact relatively lower for new 
cars because the risk of invisible defects increased as cars aged. Among other findings, 
Offer (2007) showed that for relatively new used cars (not older that four-years), the risk 
of mechanical ‘lemons’ was more often borne by dealers than by customers; private 
sellers and private buyers could negotiate a better price with each other in the absence of 
warranty elements than going through a dealer; the initial depreciation was lower for new 
cars than older ones; as cars aged, fixed cost increased and thus had negative effect on 
dealers resale value; and styling appeared to influence the price of cars independently. 
Finally, in a recent study, Zhu et al. (2008) reasoned that when consumers engage in a 
transaction involving trade-in, they place high importance in securing a good value for 
the used product then on getting a good price for the new product. Consequently, such 
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consumers exhibit higher willingness-to-pay price for the new product than consumers 
who just buy the new product alone. 

4 Data and method 

We collected data on car resale value (in Fijian dollars), model year (year in which the 
car was manufactured); mileage (in kilometres); engine capacity (in cubic centimetres); 
and transmission type (manual or automatic). Accordingly, the variables are specified as 
follows: 

1 RSV = car resale value in FJD 

2 YMD = model year car was manufactured 

3 MIL = mileage kilometres 

4 ENG = engine capacity in cubic centimetres (cc) 

5 TRANS = transmission type where 1 = manual transmission and automatic  
2 = transmission, respectively. 

All variables were transformed into natural log form before carrying out the regression 
analysis. We assume that the resale value (LRSV) is influenced by model year (LYMD), 
mileage (LMIL), engine capacity (LENG), and transmission type (LTRANS). Hence, our 
log-liner model is specified as: 

LRSV C LYMD LMIL θLENG γLTRANS= + + + +α β  

where C is a constant and α, β, θ, and γ are respective elasticity coefficients. We assume 
that α > 0 (because the more recent the model, the more features the car is expected to 
have, thus is a proxy for innovation in car technology); γ > 0 (automatic transmission cars 
are relatively easy to drive than manual cars, thus is likely to command a relatively higher 
price); β < 0 (mileage indicates the useful life or age of the car and hence is expected to 
lower the resale value as it increases); θ < 0 which indicates that a larger engine capacity 
translates into more fuel consumption and therefore has a compensatory effect on the 
resale value. In other words, a larger engine capacity is expected to have a negative effect 
on the resale value of the used cars. Given the relatively large sample size (175 for 
Toyota used cars and 108 for Nissan used cars), we use the ordinary least squares (OLS) 
regression technique.2 From the expected sign of the elasticity coefficients, we formulate 
the following hypothesis: 

• HA-1: The higher (or recent) the used car model, the higher will be its resale value in 
the used car sales market (α > 0). 

• HA-2: An automatic transmission used car will be priced relatively higher than the 
manual transmission used cars (γ > 0). 

• HA-3: The greater the mileage (kilometres as per odometer), the lower will be price 
of the used cars (β < 0). 

• HA-4: The larger the engine size implies a relatively lower price for the used car in 
order to allow for implicit compensation on fuel consumption (θ < 0). 
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5 Results 

5.1 Toyota used cars 

The elasticity coefficients for Toyota used cars (Table 4) indicate that model year  
(α = 137.00), and transmission type (γ = 0.3049) have positive effect on car resale value. 
In other words, an increase in the car model by one year (say from 2010 to 2011) results 
in an increase in the car resale price by a factor of 173. Similarly, the automatic car 
transmission results in an increase in the resale value of used car by factor of 0.30.  
On the other hand, the mileage has a negative effect on the used car values. An  
increase of car mileage by 1,000 kilometres results in a decrease of its price by a factor  
of 108.0 (β = –0.1080). We find that although engine size (θ = –0.0867) has a  
negative elasticity coefficient conforming to the hypothesis HA-4, the elasticity 
coefficient is not statistically significant within the conventional 1–10% level of 
significance. Nevertheless, from our results, the Toyota used cars sales values set by the 
private sellers seems to fulfil the hypotheses HA-1 to HA-3. However, we argue that 
resale value setting can be further improved by lowering the resale values of Toyota used 
cars to somewhat accurately factor in the engine capacity effects. 

Table 4 Ordinary least squares estimation for Toyota used cars: dependent variable is LRSV 

Regressor Coefficient Standard error T-ratio  Hypothesis fulfilled 

LYMD 137.00 9.344 14.66 *** HA-1 (yes) 
LMIL –0.1080 0.044 –2.436 ** HA-3 (yes) 
LENG –0.0867 0.086 –1.003 N.S. HA-4 (yes, but not significant) 
LTRANS 0.3049 0.071 4.275 *** HA-2 (yes) 
C –1,030.0 71.27 –14.45 ***  

Test statistics 

R-squared 0.7167 R-bar-squared 0.710 

S.E. of regression 0.2775 F-stat. F (4, 170) 107.49 

Mean of dependent variable 9.4050 S.D. of dependent variable 0.5154 

Residual sum of squares 13.096 Equation log-likelihood –21.473 

Akaike info. criterion –26.979 Schwarz Bayesian criterion –34.385 

DW-statistic 2.0200 N 175 

Diagnostic tests 

Test types LM version p-value F version p-value 

Serial correlation χ2(1) = 0.0536 0.81 F(1, 169) = 0. 0517 0.82 

Functional form χ2(1) = 1.1706 0.27 F(1, 169) = 1.1381 0.29 

Normality χ2(2) = 43.658 0.00 Not applicable  

Heteroscedasticity χ2(1) = 5.6090 0.02 F(1, 173) = 5.7285 0.02 

Notes: ***, and ** refers to 1% and 5% level of significance respectively, and  
N.S = not statistically significant within 1–10% level of significance. 
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5.2 Nissan used cars 

In case of Nissan used cars (Table 5), the results show that an additional model year  
(say from 2010 to 2011), results in a used car value to increase by a factor of 176.8  
(α = 176.74). Although the transmission type conforms to our hypothesis HA-2 thus 
indicating an automatic transmission used car price increases by a factor of 0.016  
(γ = 0.0162), the coefficient is not statistically significant within 1–10% level of 
significance. Moreover, car mileage has a negative effect on the resale value.  
Hence, an additional 1,000 kilometres reduces the car resale value by a factor of 172.5  
(β = –0.1725). However, it is interesting to note that engine capacity of Nissan used car 
has a positive effect on the resale value (θ = 0.5624). In other words, an increase in the 
engine capacity by 100 cc increases the car resale value by a factor of 56.4. This result 
does not conform to the hypothesis HA-4. The result for Nissan used car sales thus 
indicates two important aspects. First, the used cars need to be up-priced (reasonably 
increased value) for automatic transmission cars relative to manual cars; and secondly, 
the used car prices need to be revised downward (reasonably) in order to reflect the 
engine capacity of the cars. Given the elasticity of engine capacity is relatively higher 
that the transmission type, overall, there need to be a net reduction in car resale value. At 
the moment, higher engine capacity indicates higher prices of the car, which is likely to 
hinder the actual sales of the cars if buyers are cautious that high engine capacity means 
more fuel per kilometre of usage. 
Table 5 Ordinary least squares estimation for Nissan used cars: dependent variable is LRSV 

Regressor Coefficient Standard error T-ratio  Hypothesis fulfilled 

LYMD 176.74 14.71 12.013 *** HA-1 (yes) 
LMIL –0.1725 0.062 –2.805 *** HA-3 (yes) 
LENG 0.5642 0.128 4.385 *** HA-4 (no) 
LTRANS 0.0162 0.116 0.139 N.S. HA-2 (yes, but not significant) 
C –1,336.1 111.8 –11.953 ***  

Test statistics 
R-squared 0.7987 R-bar-squared 0.7909 
S.E. of regression 0.3113 F-stat. F (4, 103) 102.18 
Mean of dependent variable 9.3378 S.D. of dependent variable 0.6808 
Residual sum of squares 9.9836 Equation log-likelihood –24.661 
Akaike info. criterion –29.661 Schwarz Bayesian criterion –36.366 
DW-statistic 1.5757 N 108 

Diagnostic tests 

Test types LM version p-value F version p-value 

Serial correlation χ2(1) = 4.9922 0.03 F(1, 102) = 4.9433 0.03 
Functional form χ2(1) = 0.0277 0.87 F(1, 102) = 0.0262 0.87 
Normality χ2(2) = 21.0509 0.00 Not applicable  
Heteroscedasticity χ2(1) = 2.3762 0.12 F(1, 106) = 2.3846 0.13 

Notes: ***, refers to 1% level of significance, and  
N.S. = not statistically significant with 1–10% level of significance. 
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6 Conclusions 

In this paper, we modelled the supply of private used cars in Fiji based on the resale 
values obtained from one of the premier websites in Fiji, namely, Car4Sale.com.fj. The 
website is a medium to advertise cars and does not provide online selling or auction 
facilities. Nevertheless, the number of users registered and used cars advertised on this 
website have grown over the last few years. One reason for this increase is that there are 
no advertising costs for potential sellers. The website requires potential sellers to register 
with a valid e-mail identification and password and subsequently provide key 
specification of their car and the resale price of the car. Among the specifications include 
model year, mileage in kilometres, engine capacity, and transmission type of the cars. 
Potential sellers are also expected to provide images of their cars (a maximum of three 
pictures for advertisement at no cost), car registration number, a particulars section where 
a seller can provide further description of their cars, and phone contact. 

Given that the market for second-hand car sales are growing in Fiji, this paper is first 
of a kind to model the resale value of private used cars based on key specifications 
provided by the sellers of two of the most used brands of cars – Toyota and Nissan. Our 
results showed that both Toyota and Nissan used cars need to be priced reasonably to 
reflect the key specifications. From the results, it was shown that both Toyota and Nissan 
used car resale prices are positively influenced by model year and transmission, as 
expected. However, the two brands differ in terms of resale values with respect to engine 
capacity. We also found that the elasticity coefficient for engine capacity (which is 
negative as expected and statistically not significant for Toyota used cars) is not 
statistically significant for Nissan used cars. Moreover, although positive, the 
transmission type is also not statistically significant for Nissan used cars. Although we 
hypothesised that higher engine capacity will result in relatively lower resale value of 
used cars, this did not hold for Nissan cars. The reasons for this may be because the 
Nissan cars are biased towards higher capacity ‘luxury’ cars which are of greater 
desirability and command a certain degree of ‘class’ among users or perhaps the Nissan 
cars are relatively overpriced. 

However, we would like to highlight some caveats to our analysis. Due to data 
limitations and consistent information on other factors such as geographical location of 
the seller, availability of further discounts, recent modifications done to car before 
selling, etc, it is difficult to draw on pointed policy implications. Moreover, our research 
is based on data provided by the potential sellers and thus the data weakly captures the 
supply-side aspect of used car sales. Further information on used car sales therefore will 
enrich our study. In theory, a new (used) car tend to command a higher price compared to 
old ones. However, heterogeneity is noted even within the brands. For instances, Toyota 
brand cars comes in different shapes and sizes and hence differ in quality and taste. It is 
also noted from the website and careful observation that price for Toyota cars are 
insensitive to the age of the cars relative to other brands. In other words, an older model 
Toyota car commands a relatively higher price compared to a later version of a different 
brand of cars. Therefore, sale price per se is not the only deciding factor in purchasing 
used cars. Other factors such as availability and affordability of spare parts, mechanical 
expertise, purpose of use, among other factors also govern the resale value. Subsequently, 
further research may include the demand side analysis where consumer preferences or 
choices can be modelled to ascertain the factors driving the demand for used cars in Fiji. 
While this study is a scratch on the surface, we look forward to greater research on 
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modelling (private) used car (vehicle) sales in Fiji. Research in this direction is likely to 
create awareness on the demand and supply of used cars as well as anticipate the 
(environmental) impacts of having a lot of (older) cars in use. 
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Notes 
1 1 FJD is approximately 0.56 USD. 
2 However, we also carried out the more advanced auto-regressive distributed lag (ARDL) 

procedure which with lag-length = 1. The procedure does not require the need for unit-root 
estimation as long as the variables in the regression as at most of order 1. The results thus 
obtained were very similar to what we obtained using the OLS technique, thus we consider the 
latter to be appropriate for the analysis. 


